AI Through Our Lens: How Artificial Intelligence is Shaping Everyday Life
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Transcript
Hello everyone, I'm Razan Eltayeb, a Certified Assistive Technology Instructional Specialist and Vision Rehabilitation Specialist. I'm a PhD student at Université de Montréal working with Dr. Natalina Martiniello. For about the last year, we've been digging into a specific question: what does the research actually say about how blind and low vision users are using AI, or assistive technology? Not what tech companies claim, not what the news is saying, what's in the peer-reviewed research? And once we started digging, there was honestly less than you'd expect, and what IS there is really interesting. So today, I want to walk you through what we found. This research is important because it provides a snapshot of what current research tells us about strengths and limitations of AI usage, and helps us to understand what future research is needed to address those gaps.
We looked through 2,000 studies published since the year 2020. We chose to go back to 2020 because this is really when we started to hear more about AI tools. We ended up with 119 articles that actually asked real blind and low vision users how they're using AI tools and the factors that influenced their decision to use those specific tools. We're talking about everything from Seeing AI to Be My Eyes to Aira, the Meta Glasses, OKO for streetlights, and all the AI chatbots that have exploded in the last couple of years, including ChatGPT, Copilot, and Claude. Most of this research is from the last five years, and it's growing fast. We went from 14 studies in 2020 to 47 last year alone. So, this is a space that's moving quickly, and researchers, professionals and blind users are scrambling to keep up with what's actually happening. Geographically, most of this research is coming out of the US, about 41%, followed by Germany and the UK. Most studies are mixed-methods, meaning researchers are combining surveys with interviews or usability testing to really understand how people are experiencing these tools.
Slide 2: Technology Maturity
Key takeaways
1. About three quarters of tools studied (76%) are still prototypes.
1. Only 16% are available to the public today.
[image: Pie chart titled "Technology maturity" showing the distribution of development stage across all 119 included studies. Four categories: Prototype at 90 studies (75.6% of the pie), Available at 19 studies (16.0%), Blank or Unknown at 7 studies (5.9%), and Design concept at 3 studies (2.5%). Prototypes dominate, taking up roughly three quarters of the pie, while design concepts form the smallest slice.]
Chart data
Technology maturity stage of tools studied. Total: 119 included studies.
	Stage
	Number of studies
	Percent

	Prototype
	90
	75.6%

	Available
	19
	16.0%

	Blank / Unknown
	7
	5.9%

	Design concept
	3
	2.5%

	Total
	119
	100%



Transcript
Here's the first thing that surprised us. About three quarters of the tools being studied, 76%, aren’t actually available to the public yet. They're prototypes. They're research projects, sitting in labs, being tested with small groups of users. Only 16% of what researchers are studying are tools you can actually go download or buy today. That's a real gap. Researchers are building, but most users aren't getting those tools in their hands yet. And when they do become available, they often don't quite look the same as the prototype version. So, while there is a lot of research out on artificial intelligence, it's worth remembering that most of that research is on tools that aren't available yet. This really highlights the importance of ensuring that blind people are meaningfully included during early design, and that tools developed make it to end-users.
Slide 3: Technology Types
Key takeaways
1. Multimodal feedback and AI vision dominate the tools.
1. Gamification and sensor-based/LiDAR tools are underrepresented.
[image: Horizontal bar chart titled "Technology types" showing unique studies in which each technology type was coded at least once (studies may appear under more than one type). Ten categories are listed from most to least frequent: Multimodal Feedback at 58 studies, Artificial Intelligence / Computer Vision at 53, Large Language Model at 43, Smartphone App at 37, Virtual / Augmented Reality at 37, Optical Character Recognition at 23, Wearable at 23, Sensor-Based / LiDAR at 10, Generative Audio / Video at 10, and Gamification at 5.]
Chart data
Technology types: number of included studies in each category, from most to least common. Studies could be counted under more than one category, so the numbers add up to more than 119.
	Technology type
	Number of studies

	Multimodal Feedback
	58

	Artificial Intelligence / Computer Vision
	53

	Large Language Model
	43

	Smartphone App
	37

	Virtual / Augmented Reality
	37

	Optical Character Recognition
	23

	Wearable
	23

	Sensor-Based / LiDAR
	10

	Generative Audio / Video
	10

	Gamification
	5



Transcript
So, what kinds of tools are being studied? At the top: multimodal feedback at 58 articles. That's anything that combines audio, speech, and touch to describe the world. Think Seeing AI reading a scene out loud with different cues for different objects, or a smart cane that vibrates to signal obstacles. Close behind is computer vision with 53, the "point your phone at something and get a description" category. That's Seeing AI, Be My Eyes with its AI feature, Lookout. Then large language models at 43, like ChatGPT, Copilot, Claude, the chatbot tools that let you ask open-ended questions about an image or get help drafting an email. Next, smartphone apps and VR/AR, both with 37 articles, which includes Meta Glasses and similar wearables, and that category has exploded in the last two years. OCR, which is text recognition: reading mail, menus, product labels has 23. Wearables, which cover smart glasses, smart canes, and haptic devices, also have 23 articles.
What's barely represented? Gamification, or using technology-based game-like design to teach skills or make learning new tools (like braille) more engaging, was only in 5 studies. There's almost no research on that, which is interesting because gamification could be a really powerful way to help people learn new assistive tech. Sensor-based tools and LiDAR are also small, those are the depth-sensing technologies that help with navigation and spatial awareness.
Slide 4: Technology Tasks
Key takeaways
1. Item/scene recognition, reading, and navigation lead.
1. Employment, shopping, writing, and software development are underreported.
[image: Horizontal bar chart titled "Tasks" showing unique studies in which each task was coded at least once (studies may appear under more than one task). Eleven categories are listed from most to least frequent: Item / Scene Recognition at 67 studies, Reading at 46, Navigation / Orientation at 42, Media Access at 26, Social Interaction at 25, Education at 18, Face / Person Recognition at 11, Employment at 10, Writing at 7, Shopping at 6, and Software Development at 5.]
Chart data
Tasks: number of included studies in each category, from most to least common. Studies could be counted under more than one category, so the numbers add up to more than 119.
	Task
	Number of studies

	Item / Scene Recognition
	67

	Reading
	46

	Navigation / Orientation
	42

	Media Access
	26

	Social Interaction
	25

	Education
	18

	Face / Person Recognition
	11

	Employment
	10

	Writing
	7

	Shopping
	6

	Software Development
	5



Transcript
What are people actually using these tools for? Item and scene recognition is way out in front with 67 studies, that's identifying objects in a room, reading product labels at the grocery store, understanding what's in a photo on social media. Next are tools for reading, navigation and orientation, media access, things like getting video descriptions or understanding images on Instagram. Social interaction also comes up often, using AI to help recognize facial expressions or navigate conversations.
What's underrepresented? Shopping has only 6 studies, which is surprising given how much AI could be transforming grocery shopping, online shopping, or even just reading price tags. Employment has only 10 studies. Think about that. Only 10 studies on how AI is being used in the workplace, which is a significant gap given how important employment outcomes are and how transformative tools like Copilot and ChatGPT could be for workplace tasks. Writing at 7 and software development at 5 round out the under-studied end.
Basically, the research is heavy on identifying what's around you, and light on the use of AI tools for specific daily activities, like work tasks, errands, and creative work. That's a real gap, especially for working-age adults.
Slide 5: Technology Adoption Factors
Key takeaways
1. Usability, accuracy, and accessibility are the most common influential factors explored.
1. Privacy, institutional barriers, battery life, and language support are underrepresented.
[image: Horizontal bar chart titled "Adoption factors" showing unique studies in which each adoption factor was coded at least once (studies may appear under more than one factor). Thirteen categories are listed from most to least frequent: Usability at 107 studies, Accuracy at 96, Accessibility at 88, Device Compatibility at 47, Training at 44, Privacy at 36, Safety at 32, Portability at 25, Cost at 19, Network Dependency at 17, Language Support at 16, Battery Life at 11, and Institutional at 5.]
Chart data
Adoption factors: number of included studies in each category, from most to least common. Studies could be counted under more than one category, so the numbers add up to more than 119.
	Adoption factor
	Number of studies

	Usability
	107

	Accuracy
	96

	Accessibility
	88

	Device Compatibility
	47

	Training
	44

	Privacy
	36

	Safety
	32

	Portability
	25

	Cost
	19

	Network Dependency
	17

	Language Support
	16

	Battery Life
	11

	Institutional
	5



Transcript
Finally, and arguably the most important, we explored factors, or what researchers are asking about when they study whether a tool works or doesn't. Usability, accuracy, and accessibility all make sense. If a tool is clunky, inaccurate, or not accessible in the first place, nobody's going to use it. Device compatibility and training are also well-studied; does the tool work with your other devices, and how much training do you need to use it effectively?
On the other hand, privacy has 36. Who sees that photo you took of your mail to get it read? Where does your data go? Language support has 16 studies. If English isn't your first language, your tool options drop significantly. Battery life has 11. If you're wearing something all day, like smart glasses, battery is make-or-break. Institutional barriers only has 5 studies. That's policies that might impact your ability to use AI even if it's helpful. For example, your workplace saying you can't use ChatGPT on the network, your school blocking an AI app, or an insurance program deciding whether something qualifies as covered assistive tech.
These are the factors that often determine whether a tool is actually useful in real life, and researchers mostly aren't asking about them. While there has been focus on the technical factors, which is important, future studies should take factors that affect use in daily life and work into consideration.
Slide 6: Thank you for listening!
Questions and discussion welcome.
Contact
Razan Eltayeb
School of Optometry, Université de Montréal
Email: razan.eltayeb@umontreal.ca
Martiniello Braille Research Lab: mbrl.ca/en
[image: QR code linking to the Martiniello Braille Research Lab website at https://mbrl.ca/en. Screen reader users can access the lab's website directly by typing the URL into their browser rather than scanning the code.]
Funded by the Social Sciences and Humanities Research Council of Canada (SSHRC) and the Fonds de recherche du Québec.
Transcript
So, pulling this all together: AI is coming, and it's coming fast. But what's being studied isn't necessarily what's being used, and the questions research has asked so far are only the beginning of the story. A lot of this research might assume that everyone has unlimited data, speaks English, has permission to use whatever app they want, and doesn't worry about privacy. We know that's not always how it works.
There are a few implications. For designers and researchers, this is a strong case for involving users with lived experience from the beginning, and for advancing what we know about those underexplored factors. For practice, the pace of change means rehabilitation professionals need up-to-date training on AI tools to help clients make informed choices about what is available, what their needs are, and the strengths and limitations of current tools. And for policy, funding eligibility criteria for assistive tech should keep up with what's becoming commercially available.
And for everyone here, your experience with these tools genuinely matters. If you're testing something new, if your workplace blocks something you need, if an app fails you in another language, report it. Tell developers. Tell your rehabilitation specialist. The gap between research and real-world use closes faster when the people building these tools hear directly from the people using them.
I'd love to acknowledge SSHRC and the FRQ for funding this work, my co-authors, and especially Dr. Martiniello. In the coming months, we are pushing this research further, so we look forward to sharing future results. You can also learn more about research at the Martiniello Braille Research Lab, including this study, by visiting mbrl.ca or scanning the QR code, including to get an accessible version of this presentation.
Thank you for having me. I'm happy to take questions, and I'd genuinely love to hear what you're using out there.
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Technology maturity across included studies
Distribution of development stage across all 119 included studies
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Figure 5. Technology maturity stage of tools studied. Total n = 119 included studies.
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